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Introduction
Conditional cash transfer programmes (CCTs) have become one of the most prominent antipoverty policy innovations over the last two decades. In the Latin American region alone, CCTs have been adopted in 18 countries to cover approximately 130 million people living in poverty (Stampini and Tornarolli 2012) . CCTs vary in terms of scale, scope, and design features, but overall they provide income support to poor households on condition that they send school-age children to school, and that family members attend regular health check-ups. The underlying idea is that by providing monetary incentives to poor households that underinvest in the human capital of their children, CCTs help to break the intergenerational transmission of poverty.
A growing literature that examines the short-term effects of CCTs has shown that these programmes can, under certain conditions, successfully improve the outcomes of beneficiary children in many well-being dimensions, including schooling (Akresh et al. 2013; Behrman et al. 2009; Dammert 2009; Filmer and Schady 2008; Lincove and Parker 2016; Maluccio and Flores 2005; , health and nutrition (Attanasio et al. 2015; Behrman and Parker 2013; Buser et al. 2017; Fernald et al. 2008; Gertler 2004; Manley et al. 2013; Perova and Vakis 2012) , and to a lesser degree, cognitive abilities and learning (Baird et al. 2013; Fernald and Gunnar 2009; Macours et al. 2012; Schady 2007, 2010) and child work (Behrman et al. 2012; Canelas and Niño-Zarazúa 2016; Dammert 2009; Edmonds and Schady 2012; Ferro et al. 2010; ).
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While short-term, and more recently, medium-term effects of CCTs have been studied, evidence of the long(er)-term effects of programmes on, for instance, income and labour market outcomes of young adults that receive treatment as children remain scarce, and are mostly restricted to the early stages of labour market entry (Molina-Millan et al. 2016; Saavedra 2016) . There are concerns that the observed short-term effects of CCTs on human capital may not be sufficiently strong to address the structural factors that keep people in poverty across generations (Levy and Schady 2013) .
This paper contributes to the literature on CCTs by examining the long(er)-term effects of Chile Solidario, an innovative cash transfer programme that started in 2002 with the specific objective of tackling extreme poverty in Chile. One of the main instruments to achieve that goal has been the provision of information to increase awareness of the programme's conditions, benefits, and eligibility criteria. Past studies that assessed the short-and medium-term effects of Chile Solidario showed that the programme was successful in increasing take-up among eligible households (Carneiro et al. 2015; Galasso 2011) .
A key component of Chile Solidario is to provide poor households with preferential access to Subsidio Unico Familiar (SUF), a conditional cash transfer programme designed as an incentive device to facilitate higher investment in children's health and education.
As our identification strategy, we exploit the fact that by design and programme rules, only children aged under 18 are eligible to receive SUF. Hence, we compare individuals born in 1985 or afterwards, and who spent their childhood in households that were eligible to receive Chile Solidario at the beginning of the programme in 2002, with individuals born before 1985, who were not eligible to receive SUF benefits due to their age.
We adopt a difference-in-differences approach-which we then extend to include propensity score matching estimators and a regression discontinuity design-to nationally representative household survey data that allows us to collect information on the characteristics of the households where individuals grew up, using retrospective information. In this way, we are able to measure the longterm effects of the increased take-up of SUF as a result of Chile Solidario on educational achievements and labour income at the ages of 25-28. To the best of our knowledge, this is the first study that examines the long-term effects of Chile Solidario, and it contributes to the scant literature on long-run impacts of social transfers on human capital and occupational choices.
Our findings show that Chile Solidario, and particularly the take-up of SUF, has a positive and long-lasting impact among the extremely poor in Chile. Individuals that spent their childhood in poverty and were eligible to receive the programme obtain higher educational and labour income levels as adults than individuals from poor families that were not eligible to receive the transfer. The average treatment effects are in the order of more than one year of schooling and an additional US$200-250 per month in labour income.
We also find a degree of impact heterogeneity in our estimates. The effect of the programme on schooling is similar among women and men, but it is largely driven by men in the case of labour income. Further analysis shows that the impact on labour income is not significantly different from zero for women with children, while it is positive and significant for women with no children. Furthermore, the effects seem to be concentrated in urban areas, which confirms earlier findings on short-term impacts.
Our results indicate that the positive short-term effects reported by earlier impact studies on the programme seem to have persistently improved the human capital of children from poor households, and that this ultimately translates into better educational achievements and higher labour incomes for programme beneficiaries in the longer term.
The remainder of the paper is organized as follows. Section 2 provides a brief overview of the context in which Chile Solidario was introduced. Section 3 describes the data used and the identification strategy. Section 4 presents the model and estimation methods, while Section 5 presents the baseline results and an analysis of the intensity of treatment and impact heterogeneity. Section 6 performs a series of robustness checks. Section 7 concludes with reflections on the policy implications of our findings.
Context and intervention
A period of sustained income growth and proactive social policies in the 1990s helped Chile to reduce the poverty headcount rate-which measures the percentage of the population living below the national poverty line-by almost half, from 38.6 per cent of the total population in 1990 to 20.2 per cent in 2000. Despite this progress, extreme poverty remained stubbornly unaffected at six per cent over the same period, which was partly attributed to limited information among the extremely poor about SUF, its eligibility conditions, and how they could access their entitlements (Galasso 2011) . In response to this constraint, in 2002 the Chilean government introduced Chile Solidario, a programme explicitly designed to tackle extreme deprivation.
The programme provides a combination of policy interventions to support poor households to exit poverty. In particular, the first 24 months of the treatment-the so-called Programa Puente ('bridge programme')-provides psychosocial support to the families, a cash transfer at a decreasing rate over time, and in parallel, preferential access to SUF, a cash transfer programme that aims to increase poor households' investment in children's human capital (Fiszbein and Schady 2009 ).
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In 2002-06, the government began to gradually incorporate poor families into Chile Solidario, with an average of about 50,000 additional households each year, to the level of approximately 264,000 households in 2011. The programme targets the extremely poor through proxy means tests based on a basic needs approach. Participation among eligible households is notably high, with around 95 per cent of households receiving treatment, and with very low dropout rates at around three per cent of all treated households (Galasso 2011) .
Chile Solidario differs from other cash transfer programmes in Latin America in several respects. First, it adopts an integral approach by combining income support with non-monetary interventions, including psychological support and advice from social workers who are actively involved in deciding the type of supportive measures that households need. Second, the cash transfer per se is not the main feature of the programme, but instead acts as an incentive device to encourage households to undertake investment decisions that are beneficial to the well-being of their children.
Earlier evaluations of Chile Solidario showed that the programme was successful in linking the poor with the social protection system (Galasso 2011; Guardia et al. 2011; Martorano and Sanfilippo 2012) . More recently, Carneiro et al. (2015) have shown that one of the most important achievements of the programme is the high take-up of SUF by extremely poor families with children.
SUF is one of the oldest CCTs worldwide, having started in 1981. As in the case of Chile Solidario, it relies on proxy means tests to identify eligible households. However, the threshold for SUF is higher, as the transfer is targeted at the bottom 40 per cent of income distribution. The monthly payment, which is about US$6 in 2003 prices and represents less than 10 per cent of the total household income of poorest families, is delivered to the mother on the condition that she has a) children aged between six and 18 years attending school regularly, and/or b) children under the age of six attending regular medical check-ups. 3 Additional transfers are made available to young mothers and disabled persons.
Past studies have focused on the short-term effects of Chile Solidario. For example, Martorano and Sanfilippo (2012) find that the programme reduces poverty, and increases school enrolment and utilization of public health services among children of participating households. Galasso (2011), Guardia et al. (2011), and Carneiro et al. (2015) also find a significant increase in the takeup of social subsidies, with particularly strong effects among families who had no previous access to the social protection system. Furthermore, previous studies find no evidence of negative effects on employment choices, leisure, or welfare dependency.
To the best of our knowledge, this is the first study that examines the long-term effects of Chile Solidario. Taking a longer-term perspective is particularly important because it allow us to examine the more structural and transformative impacts of the programme on the poorest members of Chilean society. Indeed, the number of studies that have investigated the long-term impacts of CCTs is still very limited; they primarily come from Latin America (see e.g., Baez and Camacho (2011) Furthermore, since Chile Solidario is a nationwide programme, a nationally representative household survey is the most appropriate informational tool to examine the long-term effects on former beneficiary children. For our analysis, we restrict our sample to adult individuals born in 1973-88, and measure the impacts of the programme with available information on education, income, and parental educational background. 
Treatment and control groups
In an ideal setting, our treatment group would be formed of individuals who spent their childhood in extreme poverty and therefore were eligible to receive Chile Solidario, i.e. households that had a high pre-treatment likelihood of being unaware of their entitlements to receive SUF and other social protection benefits. Similarly, the control group would be formed of individuals who spent their childhood in households eligible to receive SUF but were not eligible to receive Chile Solidario due to programme exclusionary rules, such as not being in extreme poverty. Consequently, the take-up of SUF should have risen drastically only in the treated group after the introduction of Chile Solidario in 2002, as shown by Carneiro et al. (2015) .
Unfortunately, we do not observe income data from the households where individuals grew up that would enable us to identify eligibility to participate in Chile Solidario. Our identification strategy relies instead on a proxy measure for household income. In the CASEN survey, we can identify the circumstances individuals faced in childhood through retrospective information about their parents' educational levels. An important advantage of this approach is that we can identify adult individuals even if they have left their household of origin. The procedure enables us to measure the long-term outcomes of the programme, while reducing the bias arising from coresidency and sample attrition (Emran et al. 2017 ).
The intuition behind our strategy is that households with very low levels of education face higher risks of poverty, and therefore are more likely to be eligible to receive treatment from Chile Solidario. Indeed, Galasso (2011) has shown that in the first years of Chile Solidario, two thirds of the beneficiary households' heads and their spouses had not completed primary education. Our examination of the 2003 CASEN survey shows that the conditional probabilities of being extremely poor and eligible for Chile Solidario are higher for individuals with no formal education (see Figure 1) . Furthermore, Figure 2 shows the predicted household income and amount of SUF received for each level of education. Household income is low for household heads with no or only primary education, and becomes substantially higher with increasing levels of education. The amount of SUF received is relatively close in the first educational categories. It is conspicuous that among household heads with no formal education, income levels are lower than among household heads with incomplete primary education. Thus, the evidence suggests that parental education is a good (although arguably imperfect) proxy for treatment status. To delimit possible sources of bias in our estimates, we have chosen treatment and control groups conservatively. The treatment group is made up of individuals whose parents had no education, while the control group is comprised by individuals whose parents had some years of schooling or completed primary education. We exclude from the analysis individuals who have parents with educational levels above that threshold.
Time dimension
Our identification strategy also exploits an age restriction imposed exogenously by the programme. While the poorest households eligible to receive Chile Solidario are identified using a proxy means test, only families with children aged 18 and younger are eligible to receive SUF. 7 Since Chile Solidario was implemented in 2002, individuals born in 1985 or later were younger than 18 when the programme started, and were therefore eligible for SUF, while people born before 1985 were aged 18 or older and therefore not eligible to receive SUF. We restrict the time window of our analysis to the age interval 25-40-i.e. individuals who were at most 29 years old when the intervention started in 2002-to avoid co-residency bias, and to reduce age effects and bias deriving from individuals who did not finish their educational career or who recently entered the labour market.
9 Correspondingly, treated individuals were at least 25 years old in 2013 and had a maximum exposure to the programme of four years within the interval 14-18 years of age. 
Model and methods
We adopt a difference-in-differences (DD) approach based on demographic groups with different access to the cash transfer programme (Card and Krueger 1994) . This methodology is particularly useful for comparing heterogeneous individuals (Meyer 1995) . Intuitively, our estimates measure the changes in average outcomes of individuals facing similar circumstances-measured by parental background-before and after the introduction of Chile Solidario. Thus, our treatment group is adult individuals whose parents had no formal education, while the time dimension is defined by individuals' year of birth. We restrict the control group to individuals with parents who had very low levels of education (some years of schooling or completed primary education).
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We opt for a linear model of the following form:
where is the outcome of individual belonging to group ( , ) and cohort (0,1), with = 0 measuring if the individual was born before 1985, and = 1 otherwise. and capture group and cohort fixed effects, is a vector of control variables that are expected to influence the outcomes of interest, and is a binary variable that indicates the treatment status for group in cohort .
The estimated coefficient of the model in equation [1] , without including control variables, measures the unconditional differences in average outcomes at the group level before and after the implementation of the programme. The control variables in include age, age-squared, household size, and self-reported health status, as well as dummies for the geographical region, the rural-urban divide, and the ethnic background (indigenous or not) of individual . Table 1 shows the descriptive statistics of the covariates.
11 Since the intervention was not random, differences in observable (and unobservable) characteristics might be expected. However, the averages of the covariates for the two groups are qualitatively similar and mostly not significantly different from zero. The difference in the group differences in means between the two cohorts is
and it is straightforward to show that
If the difference of the last two terms is zero, consistently estimates the effect of the programme. The key assumption of our identification strategy is that the two groups will follow a parallel trend in outcomes of interest in the absence of the treatment and other events contemporaneous with Chile Solidario. Since the assignment to treatment is not random, this condition is crucial for the interpretation of the causal effects of the programme (Garganta and Gasparini 2015) .
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11 Table A1 in the Appendix illustrates the Chilean education system, and shows the estimated median income for each level of education. Tables A2 and A3 show the weighted population shares by educational level and level of parental education. 12 A violation of the second assumption might derive from the possibility that the likelihood of leaving home rises with age. Therefore, people born in 1973-84, i.e. aged 18-29 years when the programme started in 2002, might have already left their household of origin, in contrast with people born in 1985-88, i.e. aged 14-17. In this case, eligibility for SUF would not be the only source of variation in our time dimension. However, in Chile the share of young people aged 15-29 living with their parents is relatively high: 61 per cent in 2014, and 62 per cent in 2007 (see OECD 2016 . Furthermore, the primary reason for leaving home is marriage, and the mean age at first marriage is 28.5 years for women and 30.4 for men. For these reasons, we expect that the bias resulting from leaving home should not affect our estimates significantly. Nevertheless, we perform robustness checks restricting the time window of analysis, with qualitatively equivalent results. The results of this alternative specification are presented in the Appendix. The interpretation of the estimated parameter can be twofold. First, because of the high participation rates in Chile Solidario, the estimated DD coefficient yields the average treatment effect on the treated of the capacity of Chile Solidario to link poor families to SUF. Second, we can also interpret the DD parameters as the intention-to-treat effect of SUF. To avoid potential bias in the presence of serial autocorrelation in the outcomes, we apply the correction to the standard errors suggested by Bertrand et al. (2004) , and aggregate the data into one period before and one period after the implementation. 13 Furthermore, since municipalities are responsible for the proxy means tests that identify households in extreme poverty and thus eligible to participate in Chile Solidario, we suspect that the error terms may be correlated within these geographical units. Therefore, we also compute standard errors clustering observations at the municipality level. Figure 4 illustrates our unconditional baseline results. 15 We see a sharp increase in average years of schooling and labour income for eligible cohorts in the treatment group, which we do not observe 15 Figure 4 serves furthermore as a first justification for the validity of the common trends assumption. Cohorts are displayed pairwise to yield more precise estimates because of the number of observations for each single cohort. Since visual inspection may leave some doubt, we also verify the validity of the assumption through a model that includes a full set of dummies for cohorts and the respective interactions with the treatment status. We jointly test the coefficients of the interaction terms of the pre-and post-treatment cohorts against the null hypothesis of equality to zero. The among members of the control group. For educational attainment, the average years of schooling of treatment and control groups were around nine and 11 years respectively, and rose very slowly before the treatment. After the intervention, the average years of schooling increased to more than 10 years for eligible cohorts in the treatment group, nearly catching up with the control group. For labour income, before treatment the average labour income of individuals in the treatment group was significantly lower than that of the average income of the control group (around US$600 and US$750 respectively). After the intervention, the average income of the treatment group increased by about one third, overtaking the average income of the control group. The higher take-up of SUF by poor families as a consequence of receiving Chile Solidario seems to have had a positive and sustained effect on the human capital and income of young adults who received support from the programme as children. represented about 14 per cent of the Chilean average monthly wage in 2013. 16 Columns (3) and (4) present the results separately for men and women. It is evident that the effect on schooling is similar for both sexes, while the effect on labour income is largely driven by men. This is not surprising: although female labour participation in Chile has improved over the last decades, it is still low at around 60 per cent, and among the lowest in Latin America (Gasparini and Marchionni 2015) . For men, the effect on labour income is about US$335, or approximately 17 per cent of the average monthly wage. 17 We suspect that one of the possible mechanisms underpinning the effect of SUF on labour income is the additional years of schooling obtained by the treated cohorts. At first sight, the increase in income might appear too large to be caused by an additional 1.5 years of schooling among men. However, there are two possible explanations of the apparently large impact size. First, there may be important treatment effects on skills and aptitudes, for instance through improvements in children's cognitive or non-cognitive abilities. Second, since individuals in our treatment cohort were at a critical age-between 14 and 18 years-when the programme started in 2002, the additional years of schooling could have led to the completion of the school certificates that are needed to enter the formal labour market or access better-paid occupations.
Results

Baseline
We test these two possible routes with the available data in the CASEN surveys. The first route is tested through a battery of questions on socio-emotional stability, such as 'do you have difficulties concentrating and remembering things?' or 'do you have difficulties learning new tasks?' 18 However, we do not find significant differences in these domains between treatment and control cohorts. We test the second route by looking at the probabilities of attaining a secondary-school certificate. We find that treatment cohorts are twice as likely to complete secondary schooling (60 per cent) vis-à-vis the control cohort (30 per cent).
Thus, the evidence seems to suggest that it is not simply the additional years of schooling that lie behind the significant increases in labour income among young male members of the treatment cohort. More importantly, the programme facilitated the completion of secondary education, and it was this that most likely helped these individuals to access better-paid occupations.
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It is worth pointing out that the psychological support provided by social workers may itself also have an effect, as well as better information about the policy tools available to the poor through Chile Solidario to help them cope with economic adversity. 20 Earlier studies have found that nonmonetary interventions can also have positive effects on child development (see e.g., Dahl and Lochner (2012) in the context of the USA, and Paxson and Schady (2010) for a study in the context of Ecuador). However, we suspect that these potential factors play a very minor role in our results, 16 The Chilean monthly mean wage in 2013 was about US$1,918.25 (yearly mean wage US$23,019, according to OECD (2017)), while the minimum wage in 2013 was about US$425 (WageIndicator 2017). 17 These estimates are computed on the sample of individuals with available information about their labour income. In a robustness check, we impute a zero to unemployed and inactive individuals with missing information on labour income. The conditional estimates of the effect are slightly lower for the whole sample because of the relatively high number of inactive women, and slightly higher for men. 18 The other questions are: 'do you have difficulties …establishing and maintaining personal relationships? …relating to people you don't know? …putting effort into your studies or profession? …participating in recreational activities? …moving because of physical obstacles?' 19 These results can be found in the Appendix. 20 It is still an open question whether the income from welfare is beneficial for the outcomes of children. The existing evidence seems rather to point to detrimental effects in the short and long run; however, these could be biased by the selection of certain parents for welfare support (Mayer 2002). since all individuals in our sample received these services, although only the younger group was eligible to receive SUF.
Potential sources of measurement error
We expect some possible sources of measurement error in our estimates. One may come from the fact that treatment status in childhood was not directly observed, but was approximated with retrospective information on parental educational levels. The control group might include individuals that grew up in eligible households, while the opposite might also be observed among the treatment group. If that were the case, we would get downward-biased estimates. Another potential source of bias could arise from sibling spillover effects, i.e. if non-eligible individuals with younger siblings that received treatment were also positively affected by the programme via the monetary subsidy and changes in behaviour. Similarly, we might suspect that non-eligible individuals would still benefit from Chile Solidario if they lived with an elderly person eligible to receive an old age pension.
In order to investigate these potential sources of measurement error, we estimate the probability among individuals eligible to receive Chile Solidario of living with older siblings or an elderly person in the household. The estimated probabilities are relatively low-less than 10 per centand statistically insignificant when compared with the probabilities of non-eligible individuals. Consequently, while we cannot disregard the possibility of sibling spillover effects and other potential sources of bias, the evidence suggests that these are not cause for concern. Figure 5 shows the intensity of the treatment effect. As expected, the treatment effect varies with the time exposure of individuals to the social transfer. However, we observe a measurable effect, especially for labour income, only for the 1985 and 1986 cohorts, i.e. from one to two years of exposure. Among the other cohorts, the intensity of effect is similar. The reasons might be the relatively short time window of our analysis, and the fact that Chile Solidario was implemented gradually in the first years until it addressed all eligible families. 
Intensity of treatment
Impact heterogeneity
In this section we present an analysis of impact heterogeneity by computing the DD estimators separately for different population subgroups. We first divide the analysis by rural and urban areas, as well as by indigenous and non-indigenous groups. Then we restrict the analysis to women, and test for impact variation between married and single women, and between women with and without children. Notes: DD is the coefficient of the interaction term. Control variables include age, age-squared, number of household members, rural or urban location, region of residency dummies, ethnic background (indigenous or not), a dummy for migrants, and self-reported health. Statistical significance reported at conventional levels, * p < 0.1, ** p < 0.05, *** p < 0.01.
Source: authors' estimates based on CASEN 2013 (Ministerio de Desarrollo Social 2013).
Interestingly, we find that the effect of Chile Solidario on schooling and labour income is significant in urban areas, but insignificant in rural areas (see part (a) of Table 3 ). This seems to confirm the findings reported by Galasso (2011) , who found that urban households were more likely to receive SUF via Chile Solidario than their rural counterparts. Carneiro et al. (2015) argue that these heterogeneous effects may be due to the remoteness of rural communities in Chile, and the associated transaction and opportunity costs of programme membership.
Furthermore, we also find significant treatment effects on schooling for both indigenous and nonindigenous groups, but the effects become insignificant for indigenous groups when we measure the treatment effects on labour income (see part (b) of Table 3 ). This may reflect the existence of discriminatory norms against indigenous groups that prevail in the labour market in Chile, and which ethnographic and anthropological research has long emphasized (e.g., Merino et al. 2009 ).
When we disentangle the analysis by different groups of women, we find an interesting degree of heterogeneity (Table 4) . First, we do not find any sizeable effect of the programme on the labour income of married women and women with children. 21 In contrast, for women without children, the programme treatment effects are found to be large and statistically significant. Our results are consistent with economic theory about labour supply within the household (Becker 1985) . 22 Second, for the case of schooling, our estimates show significant effects for all women, although the treatment effects were strongest for women without children, followed by single women. 
Difference-in-differences with matching
As discussed in Section 3, because of the non-random nature of assignment to treatment, the treatment and control groups may differ in observable characteristics. To rule out the possibility that these differences systematically influence the outcomes of interest, in addition to our baseline estimates we compute difference-in-differences with propensity score matching estimations 21 The group of married women includes women cohabiting with a partner. 22 For a review of empirical findings on the topic, see Altonji and Blank (1999) . (Heckman et al. 1997) . In particularly, we apply a kernel matching estimator that maximizes the use of nearly all observations in the control group while weighting them by the distance of the propensity score. 23 This methodology relies on an additional identifying assumption of common support, i.e. enough individuals in the control group have a probability of treatment similar to the individuals in the treatment group.
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In order to avoid incurring biased estimates due to selection, we only use time-invariant pretreatment variables to estimate the propensity score: year of birth, sex, place of birth, whether the individual belongs to an indigenous group, and migration background. Figure 6 shows the distribution of the propensity score for the four groups: individuals in the control and treatment groups before the intervention (cohorts born in 1973-84), and individuals in the control and treatment groups after the intervention (cohorts born in 1985-88). The graphical representation confirms that both groups share a large area of common support before and after treatment. Table 5 shows the results of the DD propensity score matching procedure. The treatment effect estimates do not deviate substantially from the baseline results. The effect of Chile Solidario on the schooling of men is very similar at around 1.5 additional years, while the effect on labour income is slightly lower at around US$290. The effect on the labour income of women is, again, not statistically significant. All in all, the DD with matching estimators confirms our findings that indicate that Chile Solidario, by facilitating access to SUF, has had important long-term effects on young adults. 
Regression discontinuity
As an additional step to validate the DD estimates, we adopt a regression discontinuity design (RD) by restricting the analysis around the year of birth of individuals whose parents had no formal education. The cut-off point where the discontinuity takes place is between individuals who were 18 or older when Chile Solidario started operations in 2002, and who therefore were not eligible to receive SUF, and individuals that were younger than 18 and therefore eligible for treatment.
Because of the smaller number of observations, especially within each cohort (bin) and around the cut-off, the RD in this case is less powerful than the DD approach. However, it serves as a complementary method to validate our baseline results. Because of the programme's high take-up rates, we assume a sharp design and opt for a parametric approach using all observations at both sides of the cut-off point to obtain the RD estimates (see e.g., Hahn et al. 2001) .
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Figure 7 graphically shows a clear discontinuity in both outcome measures-years of education and labour income-at the cut-off point. Table 6 presents the treatment effects based on the RD estimates. For men, the treatment effects are qualitatively similar to the results obtained by the DD estimators. Furthermore, the RD estimates confirm that there is no programme effect on the labour income of women. In contrast to the DD estimators, the RD results show no sizeable programme impacts on the schooling of women. Nevertheless, the RD results should be taken with caution, given their limited precision due to sample constraints. Notes: Covariates included to obtain conditional estimates are rural or urban location, number of household members, indigenous group, migration background, and self-reported health. Cluster robust standard errors at municipality level.
Source: authors' estimations based on CASEN 2013 (Ministerio de Desarrollo Social 2013).
Robustness checks
To test for the validity of our preferred DD baseline estimates, we performed a series of additional robustness checks. 26 First, we restricted our sample to the cohorts of individuals born in 1981-88 to avoid age effects affecting co-residence in the household of origin. The results are presented in section (c) of Table A4 in the Appendix. Second, we set missing values in labour income to zero when information on employment status was available but the individual was indicated as unemployed or inactive. The results are presented in section (e) of Table A4 . Third, we split the control group between individuals whose parents had incomplete and complete primary education, and ran a model including fixed effects at those groups levels. The results are presented in section 26 The results of the robustness checks are reported in sections (a-g) of Table A4 in the Appendix.
(g) of Table A4 . Fourth, we ran all estimations without weighting by the inverse probability of selection provided by the survey. The results are presented in section (a) of Table A4. 27 Fifth, although we tested exhaustively for the existence of common trends prior to the treatment, the assumption of common trends post-treatment in the absence of the intervention cannot be verified, because it relies on a counterfactual scenario. As further examination, we ran a placebo test by restricting the sample to pre-treatment cohorts and setting individuals born in 1982 as the first cohort affected by Chile Solidario. In this analysis, the coefficient of the interaction term between the dummies for time and treated was not significantly different from zero. The same applied to two further placebo tests that we performed: one that replaced the treated group with individuals whose parents had incomplete secondary education, and another that assessed the effect of Chile Solidario on non-labour income, which was an outcome that we expected not to have been affected by the programme. All these placebo tests are presented in section (g) of Table  A4 .
A possible source of measurement error in our treatment effect estimates on labour income could be the presence of outliers. An exploration of our data reveals that there are very few observations in the treatment group above US$5,000 in monthly labour income, and among these there is only one after the treatment. Excluding these observations yields lower but consistent estimates of the effect on labour income, at around US$230 for men (see section (f) of Table A4 ).
Finally, the migration of individuals affected by the reform could be a source of upward bias in our estimates, driven by selectivity. For instance, some individuals might have migrated from rural areas, where they spent their childhood, to urban areas, partly facilitated by the monetary resources that the programme provided. If that was the case, and migration decisions had led to higher incomes, the effects of the programme would still be positive, but at the cost of yielding downward-biased estimates. To account for this potential source of bias, we ran additional models by separating individuals that still lived in the municipality where they were born from those that lived in different locations from their place of birth. A test of the two coefficients yielded no significant differences (see section (b) in Table A4 ). Overall, our results remained consistent in terms of direction and statistical significance after these robustness checks were performed.
Conclusions
In this study, we have examined the long(er)-term effects of Chile Solidario, a social programme that provides the poorest households with preferential access to Subsidio Unico Familiar, a conditional cash transfer with the explicit objective of improving children's human capital. We focused on the educational attainment and labour income of cohorts of adults who were eligible as children to receive the cash transfer at the time Chile Solidario was launched, relative to cohorts of individuals who were not eligible to receive the cash transfer due to their slightly older age. We adopted a difference-in-differences approach and regression discontinuity design to measure the impact of the programme.
Overall, we find strong and persistent treatment effects that quantitatively are in the order of 1.2 additional years of schooling and approximately US$200-250 per month, which represents about 15 per cent of the Chilean average monthly labour income. Our study contributes to the scant literature on long(er)-term effects of CCTs, and provides evidence that cash transfer programmes can, under certain conditions, contribute to positive changes in the future living conditions of beneficiary children.
The facts that we find insignificant average treatment effects on labour income among women, and that the completion of secondary education is the most likely mediating channel through which school attainment leads to increases in labour income among men, indicate that the impact of Chile Solidario certainly depends on societal norms and structural factors that underpin the functioning of labour markets in Chile. Notes: DD is the coefficient of the interaction term. Control variables include age, age-squared, number of household members, rural or urban location, region of residency dummies, ethnic background (indigenous or not), a dummy for migrants, and self-reported health. Statistical significance reported at conventional levels, * p < 0.1, ** p < 0.05, *** p < 0.01. 
